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An intuitive explanation is that optimizing for the mean-squared error of a combined estimator is not the same as
optimizing for the errors of separate estimators of the individual parameters. In practical terms, if the combined
error is in fact of interest, then a combined estimator should be used, even if the underlying parameters are

independent. If one is instead interested in estimating an individual parameter, then using a combined estimator
does not help and is in fact worse.




Jomes Steins ThOoREM A simylar Empveal
Bayes  ShiLin oshimatel., he

Tomes Glein tpnohee )
ovtlynbores deminils the MLE,

£, [S00 #1] < B freen]

i€ hoy snalles,  expeded mean sgrmel gmer,
Cxpuked  becme //A“- 5 Pandow  Joame X
ﬂ(lm&ow\




\SAthkagz ) Wi Aess o Provios Lany adn\

Putoametic  Erpivite| Bowes TEhinatnly

oD, & .
fi = pr %Zé,L i)
Genelal  Shhinkase,  Estmaton 2

N

fr= fie p b

Ploceduie, {X:3 dahn

/4/; = owrall Mm,ﬁdam
o e . o

O/Z/Mft L

pnown  Ord-of Sn

/ g1 Wy
G
Oﬂl:‘ﬁf /'%
ﬂ%} 7&f m /M!%Vn/

e d

fir= foBls—p),

I rési e
uﬂy Reﬁ ﬁoa;



